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Figure S1 - Comparison of SSEARCH and Blast.
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Figure S1: ROC curves of one-to-one orthologous relationship predictions using the Bi-
directional Best Hit method with two alignment programs : SSEARCH and BLAST. Both
programs used the BLOSUM62 matrix. BLAST was used with (C3) or without the option
-C3 which takes into account the compositional bias.



Figure S2 - Evaluation of the clusterings with domain architecture metrics
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Figure S2: Comparison of the clusterings obtained with the two matrices MOLLI60 (in
red) versus BLOSUMG62 (in green), using two domain composition metrics as a function of
the e-value threshold (left) or the number of retained alignments (right). The first metric
intra — discrepancy (top) counts the number of clusters with at least two distinct domain
architectures among its protein members, it is weighted by the number of different domain
architectures represented in the cluster. The second metric inter — discrepancy (bottom)
counts the number of pairs of clusters having in common at least one domain architecture
among its protein members. These metrics evaluate the homogeneity in terms of domain
composition of the clusterings. A better clustering will have both metrics the lowest.



